Response Threshold Distributions to Improve Best-of-n
Decisions in Minimalistic Robot Swarms

1 Abstract
2k Swarm of nano-robots can revolutionise treatment Thus allowing us to utilise the robots intelligently.
of diseases like cancer # & precision drug delivery ! e d o — = Ny =p — Nh =)
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2k Such robots are tiny and lack resources like
memory, computational power, communication
limitations.

2k The number of robots required is high, the task
needs to be performed autonomously.

5k How can we make such robots capable of

adaptively making decisions autonomously ? ? ?
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O Determine the minimal required ..
Our results form the basis to develop future sociality to correlate the :
decentralised algorithms for swarms of reactive adaptive behaviour of robots to
binary robots (“::) able to make best-of-n the number of options. 3
decisions. Applications

3 Finding the Best Mean Response Threshold y* Biodegradable robots
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The minimum standard deviation where
performance is highest will enable us to
utilise the number of robots intelligently.
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